


















Bohning (1982) proposes an algorithm for the minimization of convex functionals

over classes of probability measures. The idea is~ given a set of support points

xl"' ... ",xL wi th probabi1i ti es Pl ~ ... ~PL ~ to fi nd an optimal di recti.onby maximi zi ng

theVblterra derivative for all one-point distributions (or~ more precisely~ all

Poisson distributions~ i.e.~ the image under (1) of one-point distributions).

If the derivative is zero~ stop; otherwise add the new point to the support~ and

optimize Wover all subsets of the support. Bohning shows that this algorithm

converges under our conditions. In the special case of the Kullback-Leibler

distance~ the algorithm is one proposed by Simar (1970) for maximum likelihood

estimation in compound Poisson distributions~ since the likelihood of the data

is proportional to a multinomial likelihood

We applied Simar's estimator to one of the simulated data sets in section 2

(the shortdashes in figure 3). The estimate tends to be very coarse. In fact ,

Simar shows that the number of support points is bounded above by the smaller of

the number of different observed values and half the largest observed value plus

one. Therefore~ in a practical situation~ one may prefer to use the inconsistent

estimate from section 2 to the consistent procedure discussed in this section.
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Captions:

Figure 1. True (dotted) and empirical (dashed) distribution functions of

Li when L ~ r (10,1). The solid line is the empirical distribution function
~

of Li for this sample.

A

Figure 2. Observed Li plotted against estimated Li when L ~ r (10,1).

Figure 3. True (dotted) and empirical (long dashes) distribution functions

of Li when L ~ U(5, 10). The solid line is the empirical distribution function

of Li' and the short dashes show the maximum likelihood estimate of F(x).

A

Figure 4. Observed Li plotted against estimated Li when L ~ U(5, 10).



FIG. 2 Gamma (10 .. 1)
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FIG. 3 Uniform [5 .. 10J
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FIG, 4 Uniform [5 .. 10J
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